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Ontology of Terms Present in the Titles of Scientific
Avrticles with the Usage Relationship between Them

Soroush Mobasheri*

Abstract

Purpose: The question of what methods have been used by researchers to solve a
given scientific problem is an important question for a researcher who intends to
address that scientific problem. Important concepts and methods in any field of
science are mentioned in the technical terms of that field. Therefore, the "usage"
relationship between technical terms is of considerable importance. The purpose
of this research is to establish a method that recognizes the usage relationship
between terms present in the titles of scientific articles and to include those terms
and the usage relationship between them in an ontology. ldentifying and
recording the usage relationship between terms, when implemented on a large
scale, reveals what approaches are examined by researchers to address a given
task.

Method: This research is applied in purpose and qualitative in nature. The
primary data are the titles of articles in a selected scientific journal, a specified
time period. We propose a method which detects technical terms present in the
title of scientific articles, finds two relations between those terms, namely the
hyponym-hypernym and usage relations, and inserts the result into an ontology.
First, the noun phrases present in the title of the article are detected. These noun
phrases are the technical terms, with some reservations. Our method focuses on
titles in which two technical terms are related through a connector, which
semantically indicates usage. Such cases are inserted into the ontology after
detection. In addition to the usage relation, a hyponymy relation is also proposed
based solely on the syntactic structure of each found noun phrase. Appropriate
inference rules are designed in the ontology, based on which the usage relation
between terms is inherited from the hyponym to the hypernym. Although the
usage relationship between the article title components can also be extracted
using large language models, performing this for a large number of article titles is
costly. In addition, it will be necessary to analyze the response of the language
models. Also, the need for inclusion in the ontology will remain.

Findings: To evaluate the method, the titles of one year of articles from a
scientific journal were used. After implementing the method, the ontology was
examined. In 69% of the titles which contained the pattern of this study, both
noun phrase, i.e. the used term and the using term, were completely extracted. In
17% of the titles with the pattern, one or both noun phrase, i.e. at least one of the
two terms, were incompletely extracted, so that the extracted part is semantically
correct but does not contain the entire meaning of the title. In 14% of the titles
with the pattern, at least one of the two noun phrase, i.e., the technical used term
or the using term, was extracted incorrectly.

Conclusion: Since the proposed method is automatic, it can be applied to a large
number of scientific articles. To increase accuracy, it is suggested that other
connectives be considered in the analysis of the article title, in addition to the
connectives that reflect the usage relationship.

Keywords

Citation: Mobasheri, S. (2025). Ontology of Terms Present in the Titles of Scientific Articles
with the Usage Relationship between Them. Librarianship and Information Organization
Studies, 36(4), 219-250.

Doi: 10.30484/nastinf0.2025.3876.2351

NASTINFO

Article Type: Research Atrticle
Article history:

Received: 3 Aug. 2025
Revised: 1 Oct. 2025
Accepted: 17 Oct. 2025
Available online: 22 Dec. 2025

1. Ph.D., Department of
Computer Engineering,
NT.C., Islamic Azad
University, Tehran, Iran;

soroush.mobasheri@iau.ac.ir

Publisher: National Library
and Archives of LR. of Iran
© The Author.


mailto:soroush.mobasheri@iau.ac.ir
https://doi.org/10.30484/nastinfo.2025.3876.2351
https://doi.org/10.30484/nastinfo.2025.3876.2351
https://orcid.org/0000-0003-2211-5127

Introduction

In various scientific fields, there are problems and requirements that
researchers try to solve or improve existing answers to. When a
researcher wishes to become familiar with the research literature on a
certain problem, one of their first questions would be what solutions
researchers have tried to address that problem. It is clear that knowing
the answer to this question will be helpful in the early steps to study
the research literature on the subject.

This study is a step towards addressing this requirement.
Specifically, we investigate the hypothesis that syntactic analysis of
the titles of scientific articles can lead to the extraction of usage
relationships between the scientific terms present in them.

Purpose

The purpose of this research is to establish a method that recognizes
the usage relationship between terms present in the titles of scientific
articles and to include those terms and the usage relationship between
them in an ontology. Identifying and recording the usage relationship
between terms, when implemented on a large scale, reveals which
approaches researchers have examined to address a given task.

Method

This research is applied in purpose and qualitative in nature. The
primary data are the titles of articles in a selected scientific journal, a
specified time period. We propose a method which detects technical
terms present in the title of scientific articles, finds two relations
between those terms, namely the hyponym-hypernym and usage
relations, and inserts the result into an ontology.

For any given title such as x, the noun phrases contained in x are
found through syntactic analysis. Each of these noun phrases is a
candidate for a scientific term with some caveats. Then, the
conjunction between two consecutive noun phrases is considered. If
the conjunction indicates a usage relationship between the two noun
phrases before and after it, this relationship is extracted and noted
along with those two noun phrases. For example, if in examining the
title of the article x, the combination “y for z” is seen, in which y and z
are two noun phrases, it is found that the term y is used in the term z.
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In this case, this relationship is selected for inclusion in the ontology
and the statement “In X, y is used for z” is included in the ontology.
The connectors considered in this study are “for”, “using”, “via” and
“through”.

Also, for each noun phrase consisting of several words, a
hypernymy relationship is established and included in the ontology.
For example, the noun phrase "fast Fourier transform™ generalizes to
"Fourier transform”, and the latter generalizes to "transform". As
another instance, the two distinct terms “image segmentation” and
“video segmentation” are hyponyms of “segmentation”.

In the ontology, there are inference rules that provide for the
transmission of the usage through the hypernymy relation, from the
specific term to the general term. Strictly, if y is used in z, y is
generalized to y; and z to z;, the inference rules provide that y; is used
inz,yisused in z;, and y; is used in z;.

Findings

To evaluate the method, the titles of the articles in the year 2024 of the
International Journal of Machine Vision — one of the leading journals
in the field of Computer Vision — were used. The proposed algorithm
was implemented in Python 3.13. An ontology was constructed in
OWL 2 and viewed in Protégé 5.5.0. The HermiT 1.4.3.456 reasoning
engine was used for reasoning.

After implementing the method, the constructed ontology was
examined. In this evaluation, in 69% of the titles that contain the
pattern of interest in this study, both noun phrases, i.e. the used term
and the using term, were properly extracted. In 17% of the titles
containing the pattern, one or both of the noun phrases, i.e. at least one
of the two terms, were incompletely extracted, so that the extracted
part is semantically correct but does not contain the entire meaning of
the title. In 14% of the titles, at least one of the two noun phrases was
incorrectly extracted. The error in extracting the usage relationship is
mainly due to the presence of more than two noun phrases that are
related by more than one connector. In other words, in relatively long
titles with more than one connector, incomplete or unrelated noun
phrase may be extracted. The two connectives “and” and “with” have
the highest frequency.
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The ontology formed in this experiment has 504 terms, of which
108 terms are without generalization, meaning that they are not in a
hyponymy relationship with any more general term. Recall that the
ontology was formed based on the titles of the sample set under test. It
is expected that if the method is applied to a larger set, a larger
ontology will be obtained.

As an example, it was investigated which terms are employed by
the term “recognition” according to the formed ontology? The result is
shown in Figure 1. It can be seen that “recognition” is obtained from
the syntactic generalization of 6 other terms, such as “video
recognition”. Each term on the right side of the figure is used in a
hyponym term of “recognition”, hence they are all used in
“recognition” by transitivity of employment through generalization.

recognition

is hyponym of

\ _ 1s used in _ _ _
Oxideo recognition k——— temporal relative position encoding
\

\isual recognition ki: dynamic convolution )
\\\ transferring vision-language model )
( mulki’abel recognition < heterogeneous semantic transfer )

=Y
(objéct xecognition
\

(actioh recognition )(iimatching compound prototype )
clip-guided prototype modulating )
perceiving multi-domain character distance )

Figure 1. Terms used by hyponyms of “recognition”

Conclusion
The method proposed in this study can be extended to a large set of
titles. The method has positive features for scalability. First, since the
titles of research articles are freely available, collecting the input
collection does not require any expense. Second, leading publishers
have provided software interfaces for collecting meta-content.
Therefore, collecting a large collection of article titles can be done
mechanically.

To increase accuracy, it is suggested that connectives, other than
those used in the present work, be considered in the analysis of article
titles. Another suggestion would be to form a large corpus of scientific
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article titles in the desired fields, which could greatly help in building
ontologies on a real scale.
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isHyponymOf (?y, ?z)
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1. Fast Fourier Transform for Image Segmentation
2. Laplace Transform for Video Segmentation

3. Deep Learning for Video Segmentation
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A Nonlinear, Regularized, and Data-independent Modulation for
Continuously Interactive Image Processing Network
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\ is hyponym of

is used in

1deo recognition k——{ temporal relative position encoding
\\Eisﬁal recognition ki: dynamic convolution J
\\\ transferring vision-language model )
(' multiMabel recognition s—{ heterogeneous semantic transfer )

LIS
(obj&ct xecognition k——— asking question )
Y

(actioh recognition T: matching compound prototype )
clip-guided prototype modulating )
perceiving multi-domain character distance )
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For the text between triple curly braces, named as x, do the following:
1. Extract all the entities from x, and list them. 2. Extract all the relations
within the above-mentioned entties. Report the found relations in a

json format with the following fields: "entity1”, "relation”, "entity2"
{{{Fast Fourier Transform for Image Segmentation}}}
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Step 1: Entities extracted from x

* Fast Fourier Transform

* Image Segmentation

Step 2: Relations between entities

Here are the relations in JSON format:

json
"entity1": "Fast Fourier Transform”,
"relation”: "used for",
"entity2": "Image Segmentation”
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1 Tera (1012) Floating Point OPerations
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