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Abstract

Purpose: Driven by the Emotional Intelligence Theory, this study aims to identify and cluster the core discursive
themes among X platform users during the 36th Tehran International Book Fair (2025). It specifically investigates
the users' emotional and behavioral manifestations toward each topic in the virtual ecosystem. Crucially, the
research endeavors to analyze the alignment between users' sentiment polarities and their subsequent digital
interaction rates in response to this cultural phenomenon.

Method: The research dataset comprised 667 Persian tweets, manually collected during the timeframe of the 36th
Tehran International Book Fair. Data preprocessing was conducted using the Parsivar library, an open-source
natural language processing toolkit for Persian. Topic modeling was performed using the BERTopic model to
identify semantically coherent clusters within the tweet content. Sentiment analysis was applied to evaluate users’
emotional orientations toward the identified topics. Furthermore, user engagement metrics, including views, likes,
and retweets, were examined in relation to sentiments and topics.

Findings: After identifying and removing tweets classified as noise due to lack of content cohesion, the BERTopic
model identified 11 main and distinct topics. The most frequent topic was related to the experience and intent of
visiting and interacting at the fair, accounting for 17.8% of all tweets. Sentiment analysis revealed that the
predominant emotional valence of tweets was positive; however, the topic of ‘censorship and challenges related to
content and supply restrictions' predominantly reflected negative sentiment. Tweets with negative and neutral
emotional valence garnered higher engagement among users. Notably, the topic related to "Sacred Defense
literature and books" received the highest engagement. Findings within the emotional analysis layer indicate that
users with high emotional intelligence utilized the X platform to express empathy or offer constructive criticism.
Conversely, challenging stimuli such as censorship activated users' emotional self-regulation mechanisms and
triggered negative emotional contagion, leading to a dramatic surge in engagement rates.

Conclusion: Based on the research findings, valuable insights were provided for the event organizers and
participating publishers. Understanding the discussed topics and their associated sentiments enables data-driven
decision-making to enhance visitor satisfaction, address public concerns such as censorship and sales prohibitions,
and optimize communication strategies for future editions of the Tehran International Book Fair. Moreover, the
identified engagement patterns underscore the importance of adopting innovative approaches in media
communication.These results highlight the necessity for cultural authorities to implement organizational emotional
intelligence management to recalibrate public emotional responses during media crises.
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Introduction

Understanding public reaction to major events is crucial for strategists and cultural planners. Today, as
public feedback has shifted to social media, Natural Language Processing (NLP) has become an
essential tool for discovering latent sentiments behind user opinions. The Tehran International Book
Fair is a major cultural event in Iran, generating massive online feedback. During its 36th edition (May
7-17, 2025), the event drew attention on X (formerly Twitter). Given X's text-oriented nature, its role
as a platform for structural critique, and its popularity among Persian speakers, it serves as an ideal
environment to gauge public opinion. Analyzing unmediated user reactions on X provides vital, data-
driven insights to evaluate event quality and improve future cultural management.

Purpose

Despite the importance of user feedback, communicative behaviors during large cultural events are
rarely analyzed through structured socio-psychological theories. This study addresses this gap by
applying Emotional Intelligence (EI) theory (Goleman, 1995; Mayer & Salovey, 1990) to the digital
sphere. We view interactions on X as emotional responses driven by users' digital emotional intelligence.
When users evaluate an event, their emotional self-awareness shapes their written stance, while social
skills and empathy drive interactions like views, likes, and retweets. This study aims to answer:

. What were the core themes discussed by users on X during the 36th Tehran International Book Fair
(2025)?

. What emotional valence did these themes carry?

. How did these emotional leanings shape user interaction structures based on digital emotional
intelligence?

Method

The present study is conducted using text-mining techniques. The statistical population comprises all
public Persian-language tweets regarding the Tehran International Book Fair published within a ten-day
period (May 7-17, 2025 / 17-27 Ordibehesht 1404). Data extraction was performed manually using
simple and advanced search functions with the keyword "Tehran International Book Fair" (as separate
words and exact phrases). Along with the text, metadata including views, likes, retweets, user IDs, and
follower/following counts were collected. The implemented methodological framework consists of three
key stages:

1. Data Collection and Preprocessing: A raw dataset of 667 relevant tweets was compiled into a CSV file.
The manual collection approach was deliberately chosen to ensure precise emotional labeling and noise
elimination (e.g., duplicate ads, spam hashtags, and irrelevant poetry), enhancing model accuracy over
high-volume, low-precision automated methods. Preprocessing was conducted using the Parsivar library
for the Persian language, which involved:

. Normalization (Standardizing characters), correcting spacing, punctuation, and removing redundant
characters.

. Tokenization and Filtering: Segmenting text into individual words, removing stop words, numbers,
and single characters to ensure data uniformity.

2. Sentiment Analysis: Sentiment analysis was executed using the Hugging Face Transformers library,
specifically employing the pre-trained HooshvareLab/bert-fa-base-uncased-sentiment-digikala model.
This BERT-based architecture was selected for its high precision in handling short Persian texts and
user feedback nuances. The model classified each tweet into one of three categories:

. Recommended: Positive emotional valence and satisfaction.
. Not Recommended: Negative emotional valence and dissatisfaction.
. No Opinion: Neutral valence due to insufficient feedback.
Confidence scores (0 to 1) indicating the model's certainty were also extracted for each label.

3. Topic Modeling: To discover latent themes, topic modeling was performed via the BERTopic
framework. First, preprocessed tweets were converted into dense semantic vectors using the paraphrase-
multilingual-MiniLM-L12-v2 model from the Sentence Transformers library. The BERTopic model



was configured with nr_topics="auto" to automatically determine the optimal number of topics based
on data structure, alongside N-gram settings for keyword extraction. The minimum cluster size was set
to 10 tweets to filter out minor, irrelevant themes. Unclassified tweets were flagged as noise (-1). Finally,
all sentiment and topic modeling results were saved in a CSV file for analytical evaluation.

Findings

Using the BERTopic model, a total of 12 distinct topics were initially identified from the 667 tweets.
However, 217 tweets (32.5%) were classified as noise due to a lack of semantic coherence and were
excluded. Consequently, 11 primary topics were identified, as detailed in Table 1. Topic 0 (Visitor
Experiences and Interactions) held the highest frequency with 119 tweets (17.8%), capturing users'
personal experiences, visits, and plans. Topic 1 (Publishing Industry Events, particularly Islamic
publishing) followed with 67 tweets (10.0%), focusing on book launches and publishers' programs.
Topic 2 (Venue and Organizational Aspects) comprised 57 tweets (8.5%), discussing the venue
(Mosalla) and administrative management. Topic 3 (Sacred Defense Literature) included 50 tweets
(7.5%). Topic 4 (Censorship and Content Restrictions), a highly debated theme on Persian X, accounted
for 36 tweets. Topic 5 (Opening Ceremony and the Role of the Minister of Culture) contained 32 tweets
(4.8%). Topic 6 (Economic Opportunities and Purchasing Methods, online and in-person) gathered 26
tweets. Topic 7 (Interactions in the Shabestan Section) included 21 tweets regarding engagement with
authors and translators. Finally, Topic 8 (Media Coverage and News) had 17 tweets, while Topic 9
(Diplomatic Visits) and Topic 10 (High-Ranking Officials' Attendance) comprised 15 and 10 tweets,
respectively.

Table 1. Extracted Topics and Their Assigned Codes

Extracted Topics Codes Assigned to the Extracted Topics

Visitor Experiences and Interactions 0
Publishing Industry Events, particularly
Islamic publishin
Venue and Organizational Aspects
Sacred Defense Literature
Sacred Defense Literature
Opening Ceremony and the Role of the
Minister of Culture
Economic Opportunities and Purchasing
Methods, online and in-person
Interactions in the Shabestan Section
Media Coverage and News
Diplomatic Visits
High-Ranking Officials' Attendance
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Sentiment Analysis and Distribution As shown in Table 2, the "Recommended" (positive) label was
assigned to 481 tweets (72.11%), demonstrating dominant public satisfaction. The "Not Recommended"
(negative) label appeared in 87 tweets (13.04%), while the remaining 99 tweets (14.85%) were
categorized as "No Opinion" (neutral).

Table 2. Sentiment Label Frequency

Sentiment Label Sentiment Label Count Percentage of Total
Neutral 99 14.84
Not Recommended 87 13.04
Recommended 481 72.11
Total 667 100.00

Table 3 illustrates the sentiment distribution across topics. Topics 0, 1, 2, 3, 5, 6, 7, and 8 were
predominantly positive. Conversely, Topic 4 (censorship) was the only topic dominated by negative
sentiments. Notably, Topics 9 and 10 contained exclusively positive sentiments, with no negative or
neutral instances detected. From the perspective of Digital Emotional Intelligence (DEI), the 72.11%
dominance of positive sentiment suggests that the book fair, as an environmental stimulus, initially



triggered cultural vitality, motivation, and emotional attachment. However, the prevalence of negative
sentiment in Topic 4 indicates that censorship was perceived as a threat to content choice, thereby

hindering users' positive emotional self-regulation (Goleman, 1995).

Table 3. Sentiment Distribution per Topic

Topic Codes Neutral Not Recommended Recommended Total
-1 31 16 170 217
0 30 27 62 119
1 3 3 61 67
2 11 4 42 57
3 8 8 34 50
4 6 21 9 36
5 4 1 27 32
6 3 4 19 26
7 2 1 18 21
8 1 2 14 17
9 - - 15 15
10 - - 10 10

Total 99 87 481 667

According to Table 4, the model's average confidence score was approximately 0.8 for positive, 0.7 for
negative, and 0.6 for neutral labels. Except for Topics 9 and 10, all topics exhibited higher average
sentiment scores in the positive category. Even in Topic 4, which had a higher frequency of negative
tweets, the average positive confidence score surpassed the negative one. Topic 8 was the sole exception,
where the average negative confidence score was the highest. Tables 5 and 6 analyze the relationship
between user engagement (likes, views, and retweets) and sentiments/topics.

Table 4. Mean of Sentiment Score by Topic and Sentiment Label

Topic Codes Neutral Not Recommended Recommended Total
-1 0.529754655 0.693650212 0.7738556 0.7330703
0 0.597073764 0.683829074 0.8000186 0.7224937
1 0.471519073 0.673347036 0.8033187 0.7826424
2 0.558700288 0.626765624 0.8318532 0.7647474
3 0.593815953 0.766904309 0.8020016 0.7630763
4 0.600064397 0.623001415 0.6713061 0.6312547
5 0.52033779 0.476933062 0.7902385 0.7467101
6 0.572788616 0.709264189 0.855955 0.8007141
7 0.519707933 0.483601689 0.7579777 0.7222199
8 0.460806906 0.730407387 0.6588106 0.6555865
9 - - 0.7667619 0.7667619
10 - - 0.8567853 0.8567853
Total 0.561067893 0.673167385 0.7878222 0.7392111

As shown in Table 5, negative and neutral tweets received substantially higher average engagement
compared to positive ones, despite their lower frequency. Grounded in DEI framework, this stems from
virtual emotional contagion. On text-oriented platforms like X, critical and challenging emotions
propagate rapidly because they engage users' social skills and emotional counter-responses. Through
retweets and likes, users form a crisis-driven "digital empathy" around censorship. Neutral tweets also
generated higher likes and retweets than positive ones.

Table 5. Tweet and User Engagement by Sentiment

Sentiment Label Mean of Views Mean of Likes Mean of Retweets
Neutral 1506.635052 26.11111111 3.585858586
Not Recommended 4220.709302 122.9195402 7.287356322
Recommended 868.2378855 38.45833333 5.414583333
Total 1418.060597 47.65615616 5.387387387




Finally, Table 6 shows that Topic 3 (Sacred Defense Literature) garnered the highest user engagement,
while Topic 8 received the lowest.

Table 6. Tweet and User Engagement by Topic

Sentiment Label Mean of Views Mean of Likes Mean of Retweets
-1 1367.783654 45.62672811 4.800925926
0 469.9217391 18.94067797 0.731092437
1 1714.078125 57.62686567 10.97014925
2 1144.784314 51.05263158 9.315789474
3 6189.204082 167.1 10.16
4 524.96 31.22222222 5.25
5 606.2903226 26.78125 1.71875
6 411.68 14.15384615 0.846153846
7 890 45.28571429 11.14285714
8 294.4117647 6.352941176 2.294117647
9 634.6428571 36.06666667 2.333333333
10 1603.8 52.8 11.6

Total 1418.060597 47.65615616 5.387387387

The intense engagement with Topic 3 reflects identity-driven motivation and value-based empathy
among targeted users on Persian X, illustrating how ideological themes connect deeply with users'
emotional frameworks to prompt maximum interactivity.

Conclusion

Digital interactions on X are systematic reflections of users' Digital Emotional Intelligence. The data
confirms our core hypothesis: the online cultural community on Persian X shapes its interactions based
on core values and emotional ties rather than emotion-free, official information. Challenging and
identity-driven content commands the most collective attention due to high emotional contagion.
Based on these findings, we recommend:

Transparent Content Management: Policymakers must establish transparency in book distribution
guidelines to prevent censorship frustrations from escalating into negative trends that overshadow the
event's success.

Emotionally Intelligent PR: Cultural institutions should transition from rigid, formal public relations to
narrative-driven, user-centric communication that builds digital empathy and positive engagement.
Leveraging High-Engagement Themes: Publishers can harness the substantial interaction surrounding
identity-driven topics (e.g., Sacred Defense literature) to host virtual forums and online review sessions.
Future Research: Future studies should integrate multiple social media platforms, employ alternative NLP
architectures, and conduct longitudinal analyses across multiple TIBF editions to track the evolution of
public sentiment.
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