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Abstract

Purpose: Today, people are aware of the fact that knowledge is power. Therefore, there has been a shift from
information retrieval to knowledge retrieval and knowledge discovery. On the other hand, the study of the vast
volume of textual documents on the web has made access to and usability of knowledge challenging for them. One
of the solutions to tackle this issue is query-based abstract summarization. Query-based abstract summarization is
a fast and efficient approach for navigating texts and is considered a highly dynamic research area. In this study,
a systematic review of the studies in this field has been conducted to identify and analyse the relevant research.
Method: In the present applied research, a systematic review was conducted using the PRISMA guidelines. This
guideline is implemented in four steps: identification, screening, eligibility, and inclusion, utilizing an appropriate
search strategy without time restrictions in the Scopus, Web of Science, IEEE Xplore, the ACM Digital Library,
Google Scholar, ProQuest, Noor Mags, Mag Iran, SID, Civilica, EIm net, and Ganj databases. Ultimately, out of
the 1,714 identified documents, 31 were found to be eligible and included in the systematic review.

Findings: The findings of the conducted review indicate that studies in this field are relatively recent and have
been published with both upward and downward trends. Most of these studies are in the form of articles published
in journals. Researchers have predominantly utilized a one-stage approach for the proposed summarization
systems, with a greater focus on supervised and self-supervised learning. Additionally, they have employed
methods based on rules, statistics, and machine learning. The models used are based on graphs, neural networks,
and pre-trained architectures. The input type for the systems is mostly single-document, with Debatepedia
identified as the most popular dataset. Among the seventeen of evaluation metrics, ROUGE has been the most
widely used.

Conclusion: The reviews indicate how the synergies that have occurred in learning, models, methods used, and
evaluation metrics have helped to mitigate challenges such as the mismatch between the generated summary and
the query, the incongruity between the generated summary and the source text, the lack of labelled data for training
models, redundancy, limited datasets, the absence of datasets specifically for this type of summarization, the lack
of improved evaluation metrics for accurately assessing generated summaries, semantic ambiguity due to the lack
of distinction between sentences with different meanings, and the absence of alignment between input and output
sequences. Ultimately, these improvements have contributed to enhancing the overall performance of
summarization systems and their development. However, the ability to understand semantic in these systems has
not yet bridged the gap between system-generated summaries and human summaries. This is because the
understood semantic remains superficial and shows a degree of reliance on the syntactical structures in the models.
In fact, the ability to understand semantic can guarantee the creation of systems that recognize the deeper semantics
and insights embedded in the text and apply them in their output based on the specified task. Accordingly, the
presentation of innovations to address these inefficiencies is proposed as directions for future research. In this
regard, semantic modelling and semantic understanding should be institutionalized within these summarization
systems, contributing to the refinement and advancement of existing methodologies. Furthermore, it is essential to
keep pace with the changing and evolving information sources as well as the developments in user requests and
their knowledge domains. Additionally, there is a noticeable gap for these systems in non-English languages. This
can be addressed by developing and strengthening natural language processing tools for non-English languages,
enabling their practical implementation.
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2, Long-Short Term Memory (LSTM)
3. Gated Recurrent Unit (GRU)
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. Maximum marginal relevance (MMR)
. Restricted Boltzmann Machine (RBM)
. hierarchical encoding

. positional encoding

. POS tagging

. cosine similarity

. multi-head pooling

. Semantic Triples Clustering (STC)

. similarity graph

O ® N N L R W N -



iy
=

A o G '\\ (e}

O £ & FFSLESR $ SO F

O a9 Q, 0 o D
FITF IS T & P O N
N & & F D
\e S
o

o3l 42 goxo

Oldlas )3 eslinal 5 (slaesls as gazme m5 5 ) s ge

DUC 2005-2007 ; CNN/ Daily Mail [Debatepedia e ol 55 o315 4 gamms 53,08 5 b s s 50
5l ax=L. Debatepedia o leedls zls 5l sslizal b ol o a3 S 6 40 OF 5l andllae VY 5 45 Debatepedia ...
48 garea .3 g oo odlitul u,i._lb-ﬂ Sl doys Ve 5 amslael gl Aoy Ve ‘JZJ'J"T Sl do s Av odls ae gazms
ayY osls A4S gazmo Ui| )‘ RGO L;\AL;;—.L&_— leAw')A?- 9 sz*> KPR )\ U':‘f LS)L" J:‘:’ CNN/ Dally Mail osl»

(Giarelis et al. 2023) 5% o oslizal ilosl gl 2 doys YV 5 mnslasl (gl Aoy £ (358l (8l Aoy

LSJMJ.\.? 6)[«44-\55&?' LS‘)" e\;M.n‘ IS4 b.}l.d..'\'*u‘ L&QT )‘ NLEA Y-\ )J Cjw).) 45 DUC 2005'2007 6[.&0.)‘.} w}w
Baumel ) MJ& 45‘)‘ b J;.:'LAJT 6[.&&)\) L@.J B M 6‘&“ d)‘ﬁwf J&)}AT e @.ﬁ d)l} .J.;‘a.k.‘.:a.ki.: 6)‘.3\3
(etal., 2018

WIKIHOWQA 015 o dzes g5 o p s 2155) (olaaoMs Lamis a5 Kos O goes slaesls 4 sazes ol
(YeTY) 0L 5 SN e a .ol o ealizl Lol 5l Sldlas ol j3 48 5, el PubMedQA 5 MS-MARCO

Sl sl Glaasds A5 4 5L L5 .ol Debatepedia daesls as saze pl Ole 53 a5 JB glabial 51 S
2 e S sll ad e 4 Vb 53 add S5 slaesls a5 e | Sogn 2l kil e (sl Wb S i
03,85 b5 0 Kianss ¢l LS acs « |, Debatepedia Ero e onl A S g IVl (sl sl 51 gz
S &) eddesls Sy 8l IVl e sl olS tiw SO (g5lwaot [ sitaas 1 ola i, bl

obaitl laesls asgams 35S 5 Gledkir 5 eSS Gileaods sl 4 g gt Glaesls asgeme s
2ot B LI 53 O Ska s s sled weim ool 03 Son Gl G srsen p e SOl ol
S St s Ol g S A5 OLS Ll 5 bt OV g a a5 U (5t S 4 1y Laasdlt o s slgnty
Ol B asd oo elem) i g e SSleaodE b clin 5 s Slaesls 4o gazme axe g 5 sl 4 5L (S
sl ald el slatagss (sln oo i 5 a3 Gl a3ly (slis Slajl 4 (55 550 sba Ll o
osliuls; g0 (2l slaslms

o3l BB glaclu s 5 b anw 5 Gl 8l e sde 55 0 o gmime O g0 (S3lwaddlt 3 g sl ol SO L5
Mo i s a5l el das o SRl 31 1 ol 3 s Sl a5 03,5 S8 s 1SS 5 anmglie 4 2
e s S slazel WG 3 bl slasbae di il San o Sl 66 b s oS s S 0351 s 4
a Al oS o Ol e (51 L3 el 50 8l S S 8 ot S5 bl ol s e LS5l
S S o SaS L0l Sk om0 LS8 e s bl ABL als g aod s Ll Sl g



Q‘jﬁ‘& Law)b— L}"L..))l )}b&v n)l.é.:.w\))}.ﬂ le.ﬁ)k.zm A.Lw-)‘ .LHS &L«;L«JJ \) Q.L;.\.:st 6\.&&;‘)&:— w_g Q}:Q LLL U
Glsbns 5 aS d onl gL S ol Ghass 53 Slalles sse 3 ob 1 BLUE 5 F-1 Jess (sl 5L ROUGE
ol &LAL..Z )L:Aﬁ IBPYS J:‘A}Ji U‘i‘ BE] :j";@ salazal e.,\.;.,\.:xj.}' (5j>jd")5 2 fl.‘.a u.@bl:‘ ‘_SLAMD)\} LS‘]‘ L;kaou
L.):'f L ev\.;..«\.:j); 6\#4«03’&?— JL:))‘ st.’ b 0.)[.4’:.‘.&‘ L)'»"J:':”f Q_»::JNJ; a &;_3.) 9 &;&l{‘)l_' 4F'1 LROUGE )L:M k;».w‘

el azils O K
& S eIl n-gram Olej ¢ 585 Sl bl o 1 0Ll Lo 5 el 5 4Dt kS 8555 by ROUGE L
ROUGE- ; aaJlas YV 5 plaS a ROUGE-2 ;ROUGE-1 s v »» lellls 5> (Kanapala et al., 2019) s -
VA e gl 5 calsl el Jlae i S 13 eslinals ) ge el 5 slaaods U551 gl andlas VY 5 L
B ..L;‘ebjg.'- salail )L:&A “ii )\ L@.J ;;’Q))‘ LS‘J" U‘J;':"“}}.’. S el U’i‘ gL.:oJA\ ;l;- £S5 Xledd esline) axdlas VY
3 JPJSJ;G sl 1 LS My s 5 @L:J 4 b Llesls I3 LL5,0 s, s Olga 3l edid) g glaasds
Jki))‘ Lg\f )k:.:u: w..\..\?: )‘ oslaal .ol OML:\AJJb Y )l)}q; L Y )}Ja& a.,\ANJ LAQT L..wj: Lflf-))\ 6[.&)[:” )‘ 6‘4.2>=:¢J
Gl a i ol cpl il (giluaad sl 3 L;Lauf.x:;w 3 Qljf..ivzs}}; Gt S 3 skaadOlil 52 e cisS

35l o 215 5 b, s s g 5 Gedad Ol 4SS oSS slezel BB 5 5535 s

q A
A
\n‘
4
& A
2 ¥F r
E‘ Y ¥ ¥
BT (E— I y I L T E— I S T T
' [ n ome MmO OeR0OMAAN
’1,%\’-5?0(\ o) <& c'a\o(“-”éj\o\\““?)& IO ) «:ac\«%q‘o«g‘o
.\".% &‘?’0 Q@ q,?‘\ @(‘\ ;\szf"\ 4 (’%\ - &0 cj\ﬁb‘ @\\‘ Q;?:" \?‘*o} \3‘\‘(, Q\&
e S W e \\f2 Q& N ar b
& & PN O v & AP
€ Ry PR SRR SR
A \ Q’-}‘ A x Q\J‘ AP, VR Y
X A < e TR
A <x v LM
¢ Q& o &
Q! ! &
ki Sl slae

Sllas 53 gb3,0 sbaslas aul Slgl 3 w5 —Y Ll ged

38 5 S bl Cilisee oS 5 (o 5w IO X SV P L CEUN B PVPES R R
531 et iS5l e slaair oSt Glasle an 5 b g ge slaslae 3 s LSL 4l 5 s Lag, S
s B8 s e e e G Ol Ll e S R

53 ROUGE (slaas sazmas 5 Ol gas dlis o 5 SV b 5 aadS G aadS O sl sl Sl onlanad das oo OLES Y 15 5al
F- E) CaﬁLi)L: (3 )‘ nﬁ.ﬂ.f&ﬁ )L:M o o de Jf.jb axllas £ B ol ol enlaial laa oM L;’L.’.J)( )}.1444; axlllee A
"b‘jjd'a &S U‘i\ sl slliS eslizl ROUGE )L:M )1 axllze 93 > L@.ﬁ ol éj.@.&.a 4>_'uT RSV P 4.1.9)? o ¢ }:.s 1
AL el L) g g sladie bu g oddad 5 glaasdr L5l el js bajlas sle & s jlae ol Gl stias OLES
Wﬁ‘j&b)@ﬂb)‘ﬂq6@‘&})&‘th)}> w‘d‘ﬁj}inROUGEJWC’f}NM)@#M
ALl agline LB SLul glaasds L edldid 5 et slaasds &S

! recall
2, precision



IR 2 e PR Gileasds b e b
Lgbzw:b,g\jsfy Sl By 35 Gl e 035 Slgen 5 Lad C‘)AJ\)}EAQ o397 el sla Wl 4 pxtls
O o5l Sl il ke (sl el Slacsosls Gl LS e GesiS L Ol RKa s 5 el 55,2 S S5

C;—\N‘QM«:‘)‘Y’)\)%})JAS&:’-&N\ J}Jduuﬁjb‘-‘}ilﬁg L;Grpjﬂ n)?Lfi‘QwLbﬂ B J-\AJ-LA .,L.S

A EI \ o . S e L
STIT I G2ISRY G T8 S e A pe \

(S

=3 g g 2l g laldls e ases 0310 42 gasee Ol A
g ¥

3 g sl2eols ar sanes b4

Soglite glaa b SOl u pladpae 1 SU S laaplyl \

INEA[PS

-:_-‘:v*l.._'.ﬁ.x.."«.x._i‘.?-\_a}b'-\,_«‘; pds \¥

<

L S e (U ))N SIB LD e g ple 14

e ool U & 4Dl Cull pus \
[ty . e 0 ‘

1 A T & T ot 1 s =
Joe 25 el (gl eddi g )08 s s (glaesls Ol A ‘ ‘

Sllie il gl

Forn 2 e FIRGleasds gl ¥l e

ol o oLl 0T a4y asdllan V8 3 S ol gla s ahes 3l 5 b el 5 a0t eals pe VUl ga b
R Bxh e s XSES LTt BB 5 4 Ll e ebdl sl Sledbl 5 s e Sua Ole Gkl pue
gl @l a8 il a5 S SlacabB 5 Sledll Sl sladil b o Jald Ll 5o il pe ol e 5 Gaes
ol 3 s Sledbl Ol gladsl b o slgnin w0 Olg e H cpl e gl Lled 4 S L s ledbl
Sl Golai 5 8 bl e SH3 4 3B oS dBL Gees S0k Sy badde Sl eslizal Jold Wl5 e ko
il ol olys axdllas A 3 aS ol ladile i gl (gl p ol (108 o (glaenls gluis (Kos 2l e ba i b
el 8303 g s e g S jete Ghiwdliz ol 55l (g 5luansdE (glaesls 4s geazes Ol e, DUC 2005-2007 (Jls | sboas
Cos 1y wdle 6,850 sladde Cuks Ll oo el ol as o &1l ij Slaesls Laid 5 X510 ol S v
L, sl 1 gs Sl S5 fesna Ll el bdde (sl sl (6108 5 slresls O3l |55 cdas 1 3 J.JU
ISk a8 S Sl ads a4 Ll e Laesls twitg 5 oS e 1 Gl i s slgni aly cpl s
a8 g 250l Glaskms 3525 pde 35 o 03 (S SlaasdE 3 i (b S S sl o 55 oS (S
TR R HUIW oS ST v{ P UUX SOl VN [P GO oy B B CEIA | CAR AP W WA S VU P 0 T U S
fgais 1y sdddd 5 Slaasdlot oS ol sbay il oS W (slasbe sl slgni 3G L3 Lan, U1 s Shas
el 39 Slaenls as gazee Sos Wl S WS 05 opl 5o gla Jiash b 4 Ll e S oLl g e
Sl ST S35, Lo sase Conl ol slgiiy s o 5 s (S3leasd gl oS Debatepedia (Jbe  sba
03 S S Hlr o gast 53 el o 501 Hlr (i (slas3 505 S1p o3l 53 o sdons ol 5 ol
Sl et slaesls 4 gamee L oanlin 53 ST Ssma o n 5 st Ao (Gl s g 50 Slaesls as gazes
3l o grasen 315 4 sazmea 1B (2l JLis 4 Laosls ey 45 b s o sla 2l il 5 Ll o b (o pee

j)ydkﬁ&l&w‘ﬁ‘h)&%h.\J‘OJJSA)LJ:‘QYMJK.«;.AJ}‘O4SCM‘GMQBQ“?)JAJ€_JJW‘;‘JSJ‘



395 g 350 slal Gl 5 gl ST (834, g5 95 2 Sle s Soleadds o5l ate Glaesls as saze
Sl Sl L5 o 0005 45 pores pl Sl ol A s dal g5 w550 55 Wools 4 pames 3550 53 a8 o sla Ay
Ll b 2l b A3l g 5w p e (21550 CodiSL glaaods W 5 wile (5 0 by 0SS g O Sty
daly o 5 mie e b elil) 5 oM ol pde sline (slas b IO LS ps Sl 2L gliae olgyl o
5 o e il S5 AT e Ol a4 ar g el Gl S S S st s 52005 SIS e 3l
(pmat (el 03,5 55 3 (83555 Sas g ME s M S sl LS ey a8 das e 0L VLSS Sl Lol (5355
e SlapmsilRe S 015 oo «ASEe (2l3 g Sl el e (s 2 A5 5 3505 e f5e S e e 0l

55 ol (S a i3 e il Sla i e 5y Bl s Jeles oS ax 5

S S 4o

Yok il s Lessm cal el (aeb OL5 (3531 0 500 8l 5 Ll e 6 00 G Ot (g leasdl
ssba 5 gd e Cgmime L Sl ash e SO s Sl Jla s ash anelx Ol D3 o UL s
S A sbal il e Sler 4K e LB s g Gl e bl 5 el L1 s a8 5w s
&5l 1l 68 Ol ss OIS 6 1 0les il st ol Lilss s axdlas gy by olantl O e s
Olseas (giluaMst (5,0 plsl ol ol 2ol 530 O 520 L;lpujtyyjjdﬁu@&ﬁ)jﬁ;ﬁg st pl il
o) opl S i 55 e oSl Gladie 3 (sl s dlesl L 0l Kiaass 5 cod ots sl Sl 2ash o) SO
O Slwadt 5o ool aby gl oS pa &S ol tlisie (Giluaodt lagtns sl Lo 230 (ol o jad .0l
A3l i o8 b K155 e (3latsdt Sl s Sl eslizal duy e S5 4 Ol ol s el edss S
PR 2 SR Gt 3 s pd e el g e a5 Jol G b pl 4 S lesds
slael b i 53 ol Cudgr g G a8 ol Sole L aldS CoLlel el )8 laiie ansl Cuy e b osmg e
Al 5 #1350 LS il f gl ssdie we 208 SN SL O b 5l s sl 6Ll
i Sl 50 o3l il (slaslil s Lol b s sy aBls s s les 2 slas IS sl | LG
35 (St et a0 (3065 = B bajll ol s Sles 5 il oalizal Jl= 3 5 sbsa dad o glajlans 5 SLj e
S gdlge ST s Ll cnl Sisecals, o Sl bl 4 il O s n 4 Sl S b S
el 03,5 ealizal cilisn (glaes g 3 355 L2S1 slasl 5 Sledbl glasls w3, sl T 31 s 018 oS sddedys
Procen 2 e S Gleaot L s 53 g ste gl s 5 adde (68 580 5l A0 gl 5l Sledas i
S 2l il s Sy ol (o sh Al e L 5 G35 Sl 4 U das . Ol 01,8 4 a8 el
5 Soeal 0dasOlE SV g opl B o 3 GoSadar v 4 5 L Gl a4 s e Wl | Sledlll
Ll 5 o a8 Sl s 2 e 058 L BT 55 o0 Ot (ileasdt L )s dnn S 5 sy ol petal D0
S SLS G 5S ) sme 03l 5lin 53 0L slasl 4 e 0 Sl @

Ol Olalllas 31 U slad & @byl g3 ol o IR 2 e R Gsleaodt o Coeal 4 a5 L
sskea e alassls s bl dhl s 0 Kia s 4 e Saa L a5 Sl duepllal 550 S B s o5
ol bl g e e 1L SN s Culgin 5l A G 0l el 5 0315 B g
i o3 ol O gol g e piie Slalllan el (5l e Lol 53 sddplasl sla st S S (1SS
O Rimssy i Jab ey gla il S Fos S Sl rspn g e ol Al Gt min JU A
525 el iy o s il (blasal a3l sx s n 2 e 2181 (55leasds Sl ol g 5lawasds o 4>

35 A6 O Os g Olel 1y OF ol el (glies jzio JU31 e Olgn s scwsyns, 5505 gla il Lol oyl



bor Condse or U5k iecalo) eb SO S Gl SRy e S Ll S Ul crames
333 0 a5 Ol & ol sl (§3luasdls s oS Asl baaSlsdS 5 b Sl

g5 s il 03 ez 2o Gl g Jealls s g daplll 5 0 Jpede Dlalllee OAS L6 51 g
5035 SMme 53 ot pime SVUs g 5 Slalllas 35l g0 ST 55 sy Lol SLasl e 5 035 ool 53 old iz Sladlas
ol 55 0T LIS g &S o sdimsOLES o3 g Dlalllae ol LIS oS o LS 4l o dhe a0l LE]
3 05d e o Gl 53 (6 ey Dlalllas 5, 0SS S 5S Slaslpl s (ileasds 8l Gl SAE 4 4 L
SLS e 05 5 hdr slata) 3l S50 5 e Cold 4 LIS e el opl 33 8 Sla, 5 6 e sl S O anty
Slad= 03 5 S5, b (08 Slad ooy Sl o SO 5 it 5,805 25050 ST 3 5 eslinals s ge glas Sy, LS
Gl il s cislas 5 (Suas Llg o el opl 3L e Bty leasds s Sl 4 ol o sl
Wl gy bl Slaskne sz pde s b eI 5 4o ol pde o slaesls ag perms ahe Sl 3 g 5
Corge 45 Al ok s mie e b eddad 5 aodE s ple dadbe Sl Gl edd (o108 o slaesls Ol
053 65,80 b 5l jols lassls 46 game Cussdome 5 0313 45 gazes Ol aSSIL D3 s el 5 Slas
35505 35l S 53 O Skass bl ol Ol BB (g Bo e 5 sl Ok (5 S0k canels Gl ccdns &l
il & plaasds 4 olaws lp i ess ey Ly des e B 4 Wlesls e 51 slal> e S
s S 3 SLl glaasdt L a5 5 asl (il S Sl il i Sad 1 e L L5 e el 0L
Ll o hor Sty G5 (slado 0935 S0 55 planil 5l il 5 035 051350 555 g g gla il l S (S0
Slosls 45 gars 528 5 bl oo n 50,8 5 sl 5l Sl nl Sl Lesls wssaze spp 5 S
oLzl 5 Ol )l5 L Jolas gy sloosls (6551 mar 058 31 0155 o OF (63l Sl (612 o) ok SL ol (IS o
(B S8k 5 Dol Oad 68k O Sl sl b andl sy e baesls el Gl a3l esee slassls S
L 54l Glaz b 5 das S5 ) 395 Glaatemn 03 (IS i sloosls @ 5L 05 Ml e O Sy,
LS sl

Sk Wles S eslizal Solais s 5 ool b 6,8k 5l jnie O Kiassn ol 0l oldlas s 6,550 ¢l
2515 oo ol sl j2aS 3550 53 0l 5,008 4o ST . Wiles g e3linals 3o (53 5kme slad 3 500 JUEl 5,55l 5 sl 0
S5k Sl eslinal (Jlin sba Lipd o hae ot Ll 3 (5 50 baodlss kS 5 35 55 6 JoSe S Ol e
Gl 1y Gl b el K155 o s aals K 3 sdin S0l e G la S 5 il (8,80 ol Il
Golwad skiea bg (S el Sldllas 2 55 Lagg 1Sl ol5lhs edalin S ol 5 05t (gluasls
56 edezmn gladde szl 5 Son bsesls 3l gl adl iz oo il es s ol el sy 45 el 5 S5
S Gl 4 Kl e ey pl 5o oISl e )l sy el ) Slals slactle 5 4 5L a1l
Ly sddaleal SV 0 S (g3luesls 1) 58 bl sty (sladde U s3le 3B 1, O Kiass 5 A8 oS adde
Joted Jols I8 n gn il il axdls oo ) e olannl 5 ol Sl Wil e e 5 ey slads
AL il glaes s 3 Ot Sl Sose g SRl Rl 5 (S el Sladnl B s (DBl 4 s

R el gae sla g ahel Sl sla s msomn 2 e I oleasd Ll 5 el s
) ontr SplS 5 Sl (S e e (2] 45 ol S5 ) el il il il 035 b 1 il 653k 5 bl
Cilises glajlns pelal 5t 4 S SIS @ (gilwadt anw s ST 55 a8 sl gla s, e o 0L 0Ly sk s
Slda e i, b s e slael Sl 4 ol SUs sl Sy s s gdS SldS Sl e b AL
Izl 3550 Sl 5 pae Glabas LOT 51 dm Ls g SL5 sla Sibomy S5 53 LOT Ul 5 laodels kS 4 el

Lol e Wesls 55 ases la S oLl w dxils 250 oS gla o 5 o 55 5Ll 5laslizal L oS i S 513



L bl Shol S il (g jab phy 5 o lal 0 3505 ol 53) (luaodls glagtomn mdle (5,850 b
ls 58 s e bre Sos Lla B, cpl ol lms sdaes Laily, 5 b S0l (4S5 a3l L;Yb.(._?o-)'l S5k Ul s
st B 4 o0 S 5 el Sleasds St an 5 Gl W S ol SH5 2Ll

55 Sl el i palbe 5515 5 S5k CobB s w4 edle (5,85l (sla s s e OLES s o
sy Lo SIS 5 pad ST 5 088 e latss bl s goms e 2 e (21531 (S3laasd Glapto 3 5t
(sl (535 O3 aBMes 50 i,y 303 & o 5 ,Shee W a4 ool (6,80l 4SS gl 1) alins Ll
ahorm 3l el L 0T (6 S3k SIS (slaesls 35 pde oy po 3 b sbar s Sl aen 3l iy op e O
AU s ol e 6583k el Bl adl il dal i g e Glagndpe 4 pend 3 oUlS 2alS 5 2B
Ll e s 3L (RS el (oIS glesls 4 iy cpl Sl a5 b ds Bl Cinsabi ol s s O
Ll 5 oo Sty 10 K 18 ealinals s go ol 3 sdoms 35 50T (Glaesls & oz a5 Jail 5 s e 55 LG sba
35S os 1 O Chnsalas wlels n cae 5 bl Gl i, 4 Cowd odle (65830 i Sl (i, LS 5o
S hss SR bl ssd e slgdn T laiass s OF 51 rie eslizal cpyeplsl sl o el gbaesls
oid 350 Dlallls 53 s sla i, L O s Pler S ol Sobel iy pdan oS 5 i) ad b s
slizel ol ol 55, oS clas ol os S €l 1 bt 3 Ses 30 S0 S0 Jolad 5 oS 5 G Sl 0
Sl iy 3 eslizul @\ﬁu{.xsda SaS e, 5 slalola sloul 4 055l L Odd oS 5 L 45 A4S o Cu sl |
S 5pd oS 5 e aan s 4 e Wlg e KUK LS 55 e 8 b oLl 5 il 6550 5 bl
b 4 KIS e sl la e S (1 e 383 s 5 et Ul Ol Oles O pen LIS e
sbl 5 brss il b Bsm 53 smsimn 2 e o158 leeo St 5 il S em oS5 sladis ol
St @Syl Comal Sl aSS il plle (osTs 5 S e iS Saie &S 31 15 Wl lsTe Glapteew
03 Sk ana g 4y e Ll oo o disls O lS i slasls 5 ool s ol s (g i g pluilaail &S (g 5luasds
dosls Comal (sl Slassa el ssba s e ol it 4 &S placstle 55 05 S al b o g o) ol
lolid bjlaasdst Cotla 5 b, Olgeas o ile (6850 51 6 Se e b ST Glapionm 55 CobB (pl 6 S,
Dbl o 5 nbo 05 G351 aham 3l o emn 58 lagtins b oo (ol 2 o sDle 1355 o0 sl (ol oS
Ll e LOT b dsm 130 plpls 3 0 omie e (gl sien 3 (2 Sz a5 o3ls Jaul3l ) ze gla o oy
AL LSl sleasd Gla gt 50 3

Gl oy 5is 5 5l 3l S| 3 oS eae slaaSid  gme gladie 5 OIS L o sladde Sl eslinad Slallas 5
Jibo o5 5 035 iS5 S 505 (olens ol 3 45 das oo OLES 1) Wiles s o, e 55 s Sl y ne
CatS Ly Al LaS 5108 505 (olams Sl oslinal 55 pae glaaSid o i L aSSIL .5 oo o gunes LS5 4 JLis
Syl a3 o358 [SCe 5l sl 5 LaS e IS 5e slade o gy 235 32 Sladlas 3 sdidd 5 glaasdMs
slgndg U g8 e Laaods plnsl il Jlsadias 5 (sl (il Col &S S o SIS L pir | 4alS S
s g 15 0 SIS a5 SUS 53 e shend 5 AL 5 4SS 5 gladie O K s oS 550 o0
CatS 5 g o Ll 5 e ilisis glaaie) 3y ABls Lol 5 o badie Calises slas Slas anslis e )3 i sy (mmen
Al S KaS g e o s ol goluasds

S oBa 5 ol 4y 0K sy oz i gel i ) sladie anw s VU sladie o 5dle das oo 0L Sladlas oo 5
Sloy 2alS dadis cpl ool (slacs o 51 (S ool 45Kl g e 2 e BV Slaasdl A5 Ry s O
e & Ll o (83555 Olgsas nsae Sop sbresls 3l eslinal .ol QTLgla.:SJ.a slaassa 5 a0 ) J':,)').J sl (-J'Y

L;Lm:\.»L;J,:f)ls‘u.w\)@‘w.Msdj\)ldL@j}ngj;ﬁ\}ljjwﬁlsxlﬂc&ﬂquJ:S;ias



Ll 55 o ok 5 gl G 3l sadde shlze ol r ST aul el ik Do g0 ) Sl Wil 550 Szt 5 oagee
LS S O dmsans 5 5 Ol Kiags 5 Lal,8 5 (gslasl ladie slowl &

GUlss a3l Lok Ld o gums Soam 5o ihe a0 Ll S o 5 Sp A5l sdus b5l i 5l sladits
3k el e glaesls b il e - oa Jde b il ando O3 5515 5 53 S35 5 gl els Sl 3 g (o
sdomn 5550l 4 3L Os ke Slacaad e 53 Wil e M ge S son b DL B3I S s 4 8 Se ot
S dr g S s ol b by e Sy s a5 S Sl ol Jde 3 ol LS ez dlex S e Gees
DB eslinals, g e W5 sl 2t Gp o Dol o 5 ot Sos il el i Dol @8BS
LSS 5 L5 ey sla (Sawls L5565 Llodd b (g iy Lt 053 b ade pl (S p5bas 5,8 0
Bl ey i a il axdls WOl 05,3 DLl 5 052 3l (5 5 Gee S5 Al oo Wt () S IS plne
S Iyl 0328 sba e ool 51 eslinal duzl 51 Ladis (5,850 glray S ol O 5 S ymmn osh anel>
Sy oy 5 (Saledy (iluasd slaie Ladde ol 51 (g ming eslinal o) 0015

ois= opl 35 sl il e PSS ol Slalllas (51 3 S e gladie gliles 03 g St a5 BB S
ol il eslias Bl alses 5 150 55 YUl S s e.l...jark?;}l L;Lau_i\)élr.a aon bl pll 358 0 Cgernn o 50 50
Ol U5 Wt 53 plne S35 0558 0 o> 2l slime a5 28 U sy Slsoee b (535050 55 o554 et
53l ol &S e 0Ll 1) Wi a3l il 5 0dd 20 Good o & e 5 3 ST s bkl Sl
el 4 b el bdie 5 cul sdidipd Joe wolr ol joba Olsl 3 sba il g2 b p 2550 Dladllas
Lo e bl b oasbss slp Lol Sl laa 5 plas Goas ol sz 5 S0 oo Lol ez SL5 gl sl L
S po s ol o sl 5 o8 glaesls 3l eslizal 3)le ol alem 3l il e Wl 5 e 5 ealy ki olime S L
lixe S5 35 e L5 oo U5 g5 5 e Slepsse b slagie ol g gne 5550l (slaesls (5 )slaer S
Ll 55 o a5k ot (sl ) S &) b tn sy plamil Lo iy sl ) Sl dn 5 cpnimas 2358 Ladile 3
Ll oo e pslbe Slossgsa 5 b3l b e SGaee Jlod 5 oline 53 35 6l (sl Slabs) sias ol
5t glaosls ulul  ladde (gl late gla Slaysa 5 S50 danly cnl 53 Al o sas onl 3 (5 503 S,
o |y adde 5 as 5, 55050 lhas A0l e 01,8 a8 lelad sl 1l sl piomans sl (655,00 0L Ol jois
s Calgiys 5 A58 Jos 53 g0 Lime S5 3 5 Al andls jetos (5,850 b S S Wadde 4 il 5 oo tins 1 3 50
Al Sl Ol sl «

$3303 £ 1l axlge (Sal dhesm ) (6 a8 Sla il b gdondir ($3555 4 Samd ST (53553 5 Sl
sl ol 4 S o g (S35 ¢ 95 3l slse F s Gl o3 g G SO Sladlls ST s 50 el sladae
iles S gtz slagssloaod Sl ol (S5l 055 b b AalS s re il slaely Sl 01 K g3 4l
e S s (G 5 ot e g 2 sl (slanl b1 ST 5 S S stz ol 55b e
sk slaals LUl Sl S aS 5 5 s ol Ll b bl (6l 3 g e oeile 5 SIS
Ladde & 4D 5t g s 2baw sl 3,8 o 3 esliialsyse Oste 53 (6,0 5 lpe 5 e bla plulis
GIS e s Shuad s la sy diS Syo 1, Jsd LB it 5 ab g e SleMbl sy o aaly B S 0 S
s omile 5l eslizal s pd 6,8 sl Kspl 5 1SS 516 S S8 Sledbl gdies S 5 o s 52 4 Al 5 e
.33)‘_5»)54__:43@,&:9; Sl Ol 3l aasds b 2o Ol 5 (siluag Gl o 50 3 9de

I, DUC ; CNN/DailyMail Debatepedia s>, 5 e (s3leasdt 035 53 Cgme $lrosls as gazes ozl
Slr smsmn 2 e Soleads Hliea YOV Jle s oS cl (glesls as sae Debatepedia s el Ol e

oals 4L jame RGN S48y Cod gl L Srw L sloal LE‘J" BRI JLM. LSM& Lsuéb_})_j L L;:th.l'«..:.w



sobal glesls as gz OlAs (il bt @ bl il s p e (SOlwasd o 525CNN/DailyMail
el ol oslizal OF 51 (o3b 5 Sldllas 45 035 opl o
bl aslas Ol 31l osls Ol s w2355 o aolie 0T L adle a5 sl S5 (20l ol G oLl
sl Klos g LI, 55 5 (6 REm S gee 31 P15 bk (ds ccilisis N-gram L ROUGE sla jlxe o3lizuls ) 50
olild 5 slaesdst 5535 bl e bl cnl 03 IS 5L S el s w030 cnl 53 3 gm0 sla Ml Opel
s 2lsn-gram s S glacald 4 (Sacls ROUGE jlre (e [ sbay ol Slalllas 5 stdail )| glagtonns bave 5
Gl S a5 3,80 s 1) baodt gl g Sew 5 oltlo ¢ sl sl JolS jsbas Ll el (Sas
Al dls b a5l sgie JUSH 5 (IS Sledbl i 51l S il azils oV sl n-gram L)
osliiael 53 55 3050 S| 55 5 Klaxdls (g min (g pbeslizal ol plulid Jlas odis Ole 53 i i la s ST 1
0T 85 ot ol 5 laaodlt S 0155 ol 1355 0 0> Slalllas 3 o5 sl allen 553 s Lo Sl
Sl S L laslas (nl 35 coscnlil ol odd odlel Laslnn ol Lo 5 oS dils Ll (glaaodlst by cislis o310
o 4 01 Kk g5 48 558 g0 slgdy a3l a5 Lol 553 50 ot slaasds 385 L5018l 2
S BLEU wile ol jlas S &S > Jsls 4 55 o ggio 5 glime glaainr 4 a5 Guids slaslos Sl eslizul 5 anw s
oMo . il ROUGE (sl ol (sla JoSa Al 55 o i3 55 a3 (S5 5 mline lacald 55, » 45 METEOR
a B Lajlpl pl oed e (6 e sl Sl & zota LIS o Gaes Sl e Slasbas Sleslaxal cpl
Az Bl LOT 51 e laslrs &5 dizes (6 Sodien Ll 5 perlie L3l s plulis
SIS Ol g e Sl leaadt o 5 Olalllae s eslinalsyge gla Sy 5 e (g8 oy ( IS sba
oS 0T anm 5 4 5 0l (lwaodst slagiocn IS5 Shas 35 Comge (s B 03BIGWI (sla sl len &S S
Slaaodst Ole dools O Jadlls S 55 ) 235 50 Dlalllae 3 45 Cosline S35 U1 ol ogn 2l ol ol 03 503
A= B 5 odg oelaw o Wt (pl o 5 0l Sy gl |5 ol 03,55 5 1y Sldl glaaods 5 exes
il 035 opl 53 g ge e Il 5l LU el cpl dy e i w3 e 0 lis WaOT L3 (g slaslitle 4 Saels
Lo 55 53 el 5 Slaptmmr G5 5 shataay (65150 sl 5 L8l cnl r ae (sl Lo tassy aalsl 4 a5 csnls)
) e 53 g Gras Slatin 5 Lae 8 5 Al plagtens sbl ol Lae S35 U1 (p3l5)5 ol ge Sl
s Lo Kal, 0l e iy ol 3 S e Jlesl 355 s 5 3 1y 0T ol jascin aaby ulul o g osls Laseis
Bl 13 A gy e ol 5 e Candy s 5 e 3 e 05 S auslg Sl 1) a5 Sl Cu st e
il 3 e Sl Jels byl ol 51

to 3l s3lasd gladie 5 et Sl s g 6l L ins s 53 ISl @

el 5 A sladis anw s S o313 Oladige 5 0K Ea 55 Obe (5San sl 3, @

(Ol s Il 5 S e laeds 5o S0 4 Ol 3525 5 0K ss ileddl s 5 sl @

) Lt S0 il O ka3, aS (g sba bbaodls 5 (gt g site Slaas gorms b o gas o33 GLaolKl an s @

s 13 malesl sy se a3y glaesls b

tcdlie gladsls b pess Ji)'},a] slrosly sbwl @

o slasbne ann g 5 Laasds CldS oLl skea dad slabae 53 o SS5L @

01> lie o L ade [Hlesl 5 (5 Sk (sl el Slapiom 5 Sl C5le @

LS Samaimn assme b Ul Sleaod oj o assedal ) n @

ilwadds sladde 4 Cluleas| s o ulB 059531 @



Slaaodo Glagior 55 Sogzr O 5 0L K5 Obe Jols sl @

ilwandt sladae (gilu pased Ol syl @

¢ edoliw (g5luasds LSLA(':W*:*” sbw| @

e gladals 5 55 00 b gsleasds gladie s labudia (g5luasdls OBl sbn] @

(6 S3k s ple b olsles 03 s S0k 4 in ar g @

teodt ol b Olosen S35 bl gt (S50 5 5bml @

w2 s B Jlesl @
lne (S3ledde gz 5o Cand g 3 5 L pHlr w5 shinea LaISGaly ol s 5l i slac sl s s oo B0
JIS o S0 s Pl @ g 03 S wsle sran 2 e PR GOleedds Glagians 53 1) L S0s
aer 3 4 Ll e GileasM lagten 53 plae S3ludde (iluansly sl dal SaS 5550 sla bl iy
S e W5 clbl o ol Cilie gl o plne Sl 5 e SGees Soo oUls .l 18 G slans
S ol G3lwandlat 3 o sa g pe opl S Lok 5 1) (e a5 psgie a8 5ls o Ll ol DLl 4 LS
roshe el ol L 6l 4l el 35l a5 Sln, 55 oYU Sl el Igie sdes W5 5 ek 4 5L
s s plas WOl L2l slaaay 5 O1lS Glacl =55 SN o 5 Sledbl e JalSS 5 i L L VU 505
il 5l Sgline ad 5L 5t Jle 55 S el Soglite i Sl Y S L e S e e LS
Leips SR el O ine laanal ot b G 53 ol U5 5 bapieew (g pdyoillanll Cooal saiasplis
So 4 g Ol pl a4 il lagtenn o Sl (S8 5 0Ll Gl e gl Sl
Spd e 0T 035 B e 5 LIS
G ol S bledd wtls ndSO1 O g0 (3Lt shitons o s Slallas 3 (galgdy Glapioms cnl 2 053
0L ols s bl s 5 sl bl ol ey o a5 oy 35 e eled s S0l Sl st 41 D
St a0 gl OF HUsS 5 el lacus g o ot (5 Sty LS I isu )18 iy Wil b
Slassstd e 5 GBI Jals 4 Ll o L) 3iS o SHLEs laels 2 S 2 oSl s o)l (Sl Slles S LB
5 S ol sl Sl s plalid 4 L5 e pimmen sl S SGS il slaOL 53 b 0L SRl

D e p4lS S5

@Lu

IQ\JQJ ((.;-JZA (S hazeo Sj:.») [Aaj:...ﬁj Lad:vjj 4‘_;'["7,&' 4:92_' LS 9—-.0;/:“ "u-i'jj Jy/.(\VQ')CﬁJﬁ ‘O’:’J}sj «V.L—»J" ‘u,»j‘f.w‘
(\qq' JL—« B DMW&\ JS‘) ;&Jﬁ ul&‘UaA}JLwJ‘ r)l& a&w‘)}l

Olales 55 1005 Glinl s Ol o 8Lt ) MAXQAA /55 0 L 45 sloosls flonr (140) das Ao ¢ g
WDl 5 psle ATy S 35T ol&sls 10l S iasp (sl by 5 Ssol (VYAO) Mo (5 5 >
AT Jlu s o e ol ) e 106 (o 20 (pISL 5 o) ale (slocMUET Ll (AWAY) ol a8

References

Abdullah, D. M. (2020). Query focused abstractive summarization using BERTSUM model [Master's thesis,
University of Lethbridge]. URL.: https://opus.uleth.ca/handle/10133/5760



https://opus.uleth.ca/handle/10133/5760

Abdullah, D. M., & Chali, Y. (2020). Towards generating query to perform query focused abstractive
summarization using pre-trained model. In Proceedings of the 13th International conference on natural
language generation (pp. 80-85). URL.: https://aclanthology.org/2020.inlg-1.11/

Alambo, A., Lohstroh, C., Madaus, E., Padhee, S., Foster, B., Banerjee, T., Thirunarayan, k., & Raymer, M. (2020,
December). Topic-centric unsupervised multi-document summarization of scientific and news articles. In 2020
IEEE International Conference on Big Data (Big Data) (pp. 591-596). URL: https://arxiv.org/abs/2011.08072

Alanzi, E., & Alballaa, S. (2023). Query-Focused Multi-document Summarization Survey. International Journal
of Advanced Computer Science and Applications, 14(6), 822-833. URL:
http://dx.doi.org/10.14569/1JACSA.2023.0140688

Allahyari, M., Pouriyeh, S., Assefi, M., Safaei, S., Trippe, E. D., Gutierrez, J. B., & Kochut, K. (2017). Text
summarization techniques: a brief survey. arXiv preprint. URL.: https://arxiv.org/abs/1707.02268

Andhale, N., & Bewoor, L. A. (2016). An overview of text summarization techniques. In 2016 international
conference on computing communication control and automation (ICCUBEA), Pune, India, 2016. URL:
https://ieeexplore.ieee.org/document/7860024

Arthur, M. P., Rameshchandra, T. J., & Dhanabalachandran, M. (2023). Abstractive Summarization Based
Question-Answer System for Structural Information. In International Conference on Applications of Natural
Language to Information Systems (pp. 416-427). Cham: Springer Nature Switzerland. URL:
https://doi.org/10.1007/978-3-031-35320-8 30

Aryal, C. (2019). Query-Focused Abstractive Summarization using Neural Networks [Master's thesis, University
of Lethbridge] URL.: https://hdl.handle.net/10133/5400

Baumel, T., Eyal, M., & Elhadad, M. (2018). Query focused abstractive summarization: Incorporating query
relevance, multi-document coverage, and summary length constraints into seq2seq models. arXiv preprint.
URL.: https://arxiv.org/abs/1801.07704

Beheshti, S. S. (2016). Analysis of Qualitative Data with Maxqgda Software (S. S. Mousavian, Ed). Tehran; Ravesh
shenasan. (Original work published ....) [In Persian]

Berners-Lee, T. (1998). Semantic web road map. URL.: https://www.w3.org/Designlssues/Semantic.html

Deng, Y., Zhang, W., & Lam, W. (2020). Multi-hop inference for question-driven summarization. arXiv preprint.
URL.: https://arxiv.org/abs/2010.03738

Deng, Y., Zhang, W., Xu, W., Shen, Y., & Lam, W. (2023). Nonfactoid question answering as query-focused
summarization with graph-enhanced multi hop inference. IEEE Transactions on Neural Networks and
Learning Systems, 35 (8), 1-14. URL: https://ieeexplore.ieee.org/document/10083216

Dong, Y. (2018). A survey on neural network-based summarization methods. arXiv preprint arXiv. URL:
https://arxiv.org/abs/1804.04589

Esteva, A., Kale, A., Paulus, R., Hashimoto, K., Yin, W., Radev, D., & Socher, R. (2021). COVID-19 information
retrieval with deep-learning based semantic search, question answering, and abstractive summarization. NPJ
digital medicine, 4(1), 68. URL: https://doi.org/10.1038/s41746-021-00437-0

Gambhir, M., & Gupta, V. (2017). Recent automatic text summarization techniques: a survey. Artificial
Intelligence Review, 47(1), 1-66. URL: https://link.springer.com/article/10.1007/s10462-016-9475-9

Gavalan, H. S., Rastgoo, M. N., & Nakisa, B. (2024). A BERT-Based Summarization approach for depression
detection. arXiv preprint. URL: https://arxiv.org/pdf/2409.08483

Giarelis, N., Mastrokostas, C., & Karacapilidis, N. (2023). Abstractive vs. extractive summarization: An
experimental review. Applied Sciences, 13(13), 7620. URL: https://doi.org/10.3390/app13137620

Girthana, K., & Swamynathan, S. (2019). Query oriented extractive-abstractive summarization system (QEASS).
In Proceedings of the ACM India Joint International Conference on Data Science and Management of
Data (pp. 301-305). URL: https://doi.org/10.1145/3297001.3297046

Hariri, N. (2002). Principles and Methods of Qualitative Research. Tehran: Islamic Azad University, Science and
Research Branch [In Persian]

Han, H., & Choi, J. (2024). Optimal path for Biomedical Text Summarization Using Pointer GPT. arXiv preprint.
URL.: https://arxiv.org/pdf/2404.08654

Hasselqvist, J., Helmertz, N., & Kageback, M. (2017). Query-based abstractive summarization using neural
networks. arXiv preprint. URL: https://arxiv.org/abs/1712.06100

Inoue, N., Trivedi, H., Sinha, S., Balasubramanian, N., & Inui, K. (2021). Summarize-then-answer: Generating
concise explanations for multi-hop reading comprehension. arXiv preprint. URL:
https://arxiv.org/abs/2109.06853

Israel, Q., Han, H., & Song, 1. Y. (2015). Semantic analysis for focused multi-document summarization (fMDS)
of text. In Proceedings of the 30th Annual ACM Symposium on Applied Computing (pp. 339-344). URL:
https://doi.org/10.1145/2695664.2695672

Jeyakarthic, M., & Leoraj, A. (2024). Knowledge-Infused Corpus Building for Context-Aware Summarization
with Bert Model. Migration Letters, 21(S4), 1681-1694.
https://migrationletters.com/index.php/ml/article/view/7588

Kanapala, A., Pal, S., & Pamula, R. (2019). Text summarization from legal documents: a survey. Artificial
Intelligence Review, 51, 371-402. URL: https://link.springer.com/article/10.1007/s10462-017-9566-2

Kuhn, T. (2014). The Structure of Scientific Revolutions (S. Zibakalam, Trans.). Tehran: Samt. (Original work
published 1962) [In Persian]



https://aclanthology.org/2020.inlg-1.11/
https://arxiv.org/abs/2011.08072
http://dx.doi.org/10.14569/IJACSA.2023.0140688
https://arxiv.org/abs/1707.02268
https://ieeexplore.ieee.org/document/7860024
https://doi.org/10.1007/978-3-031-35320-8_30
https://hdl.handle.net/10133/5400
https://arxiv.org/abs/1801.07704
https://www.w3.org/DesignIssues/Semantic.html
https://arxiv.org/abs/2010.03738
https://ieeexplore.ieee.org/document/10083216
https://arxiv.org/abs/1804.04589
https://doi.org/10.1038/s41746-021-00437-0
https://link.springer.com/article/10.1007/s10462-016-9475-9
https://arxiv.org/pdf/2409.08483
https://arxiv.org/pdf/2409.08483
https://doi.org/10.3390/app13137620
https://doi.org/10.1145/3297001.3297046
https://arxiv.org/pdf/2404.08654
https://arxiv.org/pdf/2404.08654
https://arxiv.org/abs/1712.06100
https://arxiv.org/abs/2109.06853
https://doi.org/10.1145/2695664.2695672
https://migrationletters.com/index.php/ml/article/view/7588
https://link.springer.com/article/10.1007/s10462-017-9566-2

Kumaravel, G., & Sankaranarayanan, S. (2021). PQPS: Prior- Art Query- Based Patent Summarizer Using RBM
and Bi- LSTM. Mobile Information Systems, 2021(1), 2497770. URL.: https://doi.org/10.1155/2021/2497770

Laskar, M. T. R., Hoque, E., & Huang, J. (2020). Query focused abstractive summarization via incorporating query
relevance and transfer learning with transformer models. In Advances in Artificial Intelligence: 33rd Canadian
Conference on Artificial Intelligence, Canadian Al 2020, Ottawa, ON, Canada, May 13-15, 2020,
Proceedings. 33 (pp. 342-348). Springer International Publishing. URL:
https://link.springer.com/chapter/10.1007/978-3-030-47358-7_35

Laskar, M. T. R., Rahman, M., Jahan, I., Hoque, E., & Huang, J. (2023a). CQSumDP: a ChatGPT-annotated
resource for query-focused abstractive summarization based on debatepedia. arXiv preprint. URL:
https://arxiv.org/abs/2305.06147

Laskar, M. T. R., Rahman, M., Jahan, I., Hoque, E., & Huang, J. (2023b). Can large language models fix data
annotation errors? an empirical study using debatepedia for query-focused text summarization. In Findings of
the Association for Computational Linguistics: EMNLP. 2023 (pp. 10245-10255). URL:
https://aclanthology.org/2023.findings-emnlp.686.pdf

Laskar, M., Hoque, E., & Huang, J. (2021). Domain Adaptation with Pre-trained Transformers for Query Focused
Abstractive Text Summarization. arXiv e-prints. URL: https://arxiv.org/abs/2112.11670

LeCun, Y., Bengio, Y., & Hinton, G. (2015). Deep learning. nature, 521(7553), 436-444. URL:
https://www.nature.com/articles/nature14539

Li, B., Yang, P., Zhao, H., Zhang, P., & Liu, Z. (2023). Hierarchical sliding inference generator for question-
driven abstractive answer summarization. ACM Transactions on Information Systems, 41(1), 1-27. URL:
https://doi.org/10.1145/3511891

Liu, M., Ma, Z,, Li, J., Wu, Y. C., & Wang, X. (2024). Deep-Learning-Based Pre-training and Refined Tuning for
Web Summarization Software. IEEE Access. URL:
https://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=10584489

Mehdad, Y., Carenini, G., & Ng, R. (2014). Abstractive summarization of spoken and written conversations based
on phrasal queries. In Proceedings of the 52nd Annual Meeting of the Association for Computational
Linguistics (Volume 1: Long Papers) (pp. 1220-1230). URL.: https://aclanthology.org/P14-1115

Mridha, M. F., Lima, A. A., Nur, K., Das, S. C., Hasan, M., & Kabir, M. M. (2021). A survey of automatic text
summarization:  Progress, process and challenges. IEEE  Access, 9, 156043-156070. URL.:
https://ieeexplore.ieee.org/abstract/document/9623462/

Nagalavi, D., & Hanumanthappa, M. (2019). The NLP Techniques for Automatic Multi-Article News
Summarization Based on Abstract Meaning Representation. In Emerging Trends in Expert Applications and
Security, 253-260. Springer, Singapore.URL: https:/link.springer.com/chapter/10.1007/978-981-13-2285-
331

Nema, P., Khapra, M., Laha, A., & Ravindran, B. (2017). Diversity driven attention model for query-based
abstractive summarization. arXiv preprint. URL: https://aclanthology.org/P17-1098

Nimavat, K., & Joshiara, H. A. (2017). query-based summarization methods for conversational agents: an
overview. International Journal of Advanced Research in Computer Science, 8(8), 448-453. URL.:
https://www.proguest.com/docview/1953785769

Nishida, K., Saito, I., Nishida, K., Shinoda, K., Otsuka, A., Asano, H., & Tomita, J. (2019). Multi-style generative
reading comprehension. arXiv preprint. URL.: https://arxiv.org/abs/1901.02262

Pasunuru, R., Celikyilmaz, A., Galley, M., Xiong, C., Zhang, Y., Bansal, M., & Gao, J. (2021). Data augmentation
for abstractive query-focused multi-document summarization. In Proceedings of the AAAI Conference on
Artificial Intelligence, 35 (15), 13666-13674. URL.: https://arxiv.org/abs/2103.01863

Polash, M. M. H. (2019). Query-focused abstractive summarization using sequence-to-sequence and transformer
models [Doctoral dissertation, University of Lethbridge]. URL: https://hdl.handle.net/10133/5665

Rahman, N., & Borah, B. (2020). Improvement of query-based text summarization using word sense
disambiguation. Complex & Intelligent Systems, 6, 75-85. URL:
https://link.springer.com/article/10.1007/s40747-019-0115-2

Ritharson, P. ., Juliet, D. S., Anitha, J., & Pandian, S. I. A. (2023). Multi-Document Summarization Made Easy:
An Abstractive Query-Focused System Using Web Scraping and Transformer Models. In 2023 3rd
International Conference on Intelligent Technologies (CONIT), Hubli, India, 2023. URL:
https://ieeexplore.ieee.org/document/10205946

Roy, P., & Kundu, S. (2023). Review on Query-focused Multi-document Summarization (QMDS) with
Comparative Analysis. ACM Computing Surveys, 56(1), 1-38. URL.: https://doi.org/10.1145/3597299

ShafieiBavani, E., Ebrahimi, M., Wong, R., & Chen, F. (2016). A query-based summarization service from
multiple news sources. In 2016 IEEE International Conference on Services Computing (SCC) (pp. 42-49).
IEEE. URL.: https://ieeexplore.ieee.org/document/7557434

Strauss, A., & Corbin, J. (2011). Basics of qualitative research :grounded theory procedures and techniques (B.
Mohammadi, Trans.). Tehran: Humanities and Cultural Studies Research Institute. (Original work published
1990) [In Persian]

Su, D., Xu, Y., Yu, T., Siddique, F. B., Barezi, E. J., & Fung, P. (2020). CAIRE-COVID: A question answering
and query-focused multi-document summarization system for COVID-19 scholarly information
management. arXiv preprint. URL: https://aclanthology.org/2020.nlpcovid19-2.14/



https://doi.org/10.1155/2021/2497770
https://link.springer.com/chapter/10.1007/978-3-030-47358-7_35
https://arxiv.org/abs/2305.06147
https://aclanthology.org/2023.findings-emnlp.686.pdf
https://arxiv.org/abs/2112.11670
https://www.nature.com/articles/nature14539
https://doi.org/10.1145/3511891
https://ieeexplore.ieee.org/stamp/stamp.jsp?arnumber=10584489
https://aclanthology.org/P14-1115
https://ieeexplore.ieee.org/abstract/document/9623462/
https://link.springer.com/chapter/10.1007/978-981-13-2285-3_31
https://link.springer.com/chapter/10.1007/978-981-13-2285-3_31
https://aclanthology.org/P17-1098
https://www.proquest.com/docview/1953785769
https://arxiv.org/abs/1901.02262
https://arxiv.org/abs/2103.01863
https://hdl.handle.net/10133/5665
https://link.springer.com/article/10.1007/s40747-019-0115-2
https://ieeexplore.ieee.org/document/10205946
https://doi.org/10.1145/3597299
https://ieeexplore.ieee.org/document/7557434
https://aclanthology.org/2020.nlpcovid19-2.14/

Su, D, Yu, T., & Fung, P. (2021). Improve query focused abstractive summarization by incorporating answer
relevance. arXiv preprint. URL: https://arxiv.org/abs/2105.12969

Suleiman, D., & Awajan, A. (2020). Deep learning based abstractive text summarization; approaches, datasets,
evaluation measures, and challenges. Mathematical problems in engineering, 2020, 1-29. URL:
https://doi.org/10.1155/2020/9365340

Vaswani, A., Shazeer, N., Parmar, N., Uszkoreit, J., Jones, L., Gomez, A. N., Kaiser, L., & Polosukhin, I. (2017).
Attention is all you need. 31st Conference on Neural Information Processing Systems (NIPS 2017), Long
Beach, CA, USA. (pp. 6000-6010). URL: https://dl.acm.org/doi/10.5555/3295222.3295349

Vig, J., Fabbri, A. R., Kryscinski, W., Wu, C. S., & Liu, W. (2021). Exploring neural models for query-focused
summarization. arXiv preprint. URL.: https://arxiv.org/abs/2112.07637

Wang, X., Wang, J., Xu, B., Lin, H., Zhang, B., & Yang, Z. (2022). Exploiting Intersentence Information for Better
Question-Driven Abstractive Summarization: Algorithm Development and Validation. JIMIR Medical
Informatics, 10(8), €38052. URL.: https://medinform.jmir.org/2022/8/e38052

Wibawa, A. P., & Kurniawan, F. (2024). A survey of text summarization: Techniques, evaluation and
challenges. Natural Language Processing Journal, 7, 100070. URL:
https://doi.org/10.1016/j.nlp.2024.100070

Xu, Y., & Lapata, M. (2020). Abstractive query focused summarization with query-free resources. arXiv preprint.
URL: https://arxiv.org/pdf/2012.14774v1

Xu, Y., & Lapata, M. (2021a). Generating query focused summaries from query-free resources. Proceedings of
the 59th Annual Meeting of the Association for Computational Linguistics and the 11th International Joint
Conference on Natural Language Processing (Volume 1: Long Papers), 6096-6109. URL:
https://aclanthology.org/2021.acl-long.475

Xu, Y., & Lapata, M. (2021b). Text summarization with latent queries. arXiv preprint. URL:
https://arxiv.org/abs/2106.00104

Yadav, D., Desai, J., & Yadav, A. K. (2022). Automatic Text Summarization Methods: A Comprehensive
Review. arXiv preprint. URL: https://arxiv.org/abs/2204.01849

Yu, H. (2022). Survey of Query-based Text  Summarization. arXiv  preprint.  URL:
https://arxiv.org/abs/2211.11548) siul



https://arxiv.org/abs/2105.12969
https://doi.org/10.1155/2020/9365340
https://dl.acm.org/doi/10.5555/3295222.3295349
https://arxiv.org/abs/2112.07637
https://medinform.jmir.org/2022/8/e38052
https://doi.org/10.1016/j.nlp.2024.100070
https://arxiv.org/pdf/2012.14774v1
https://aclanthology.org/2021.acl-long.475
https://arxiv.org/abs/2106.00104
https://arxiv.org/abs/2204.01849
https://arxiv.org/abs/2211.11548

